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Group Name

Accuracy

alt.theism 74%
comp.graphics 79%
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comp.sys.ibm.pc.hardware 67%
comp.sys.mac.hardware 80%
comp.windows.x 80%
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rec.autos 63%
rec.motorcycles 89%
rec.sport.baseball 92%
rec.sport.hockey 95%
sci.crypt 83%
sci.electronics 80%
sci.med 9N%

sci.space 96%
soc.religion.christian 70%
talk.politics.guns 93%
talk.politics.mideast 90%
talk.politics.misc 84%
talk.religion.misc 87%
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